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Abstract

Like an author’s writing style, every newspaper has its own opinion and narrative
methods, and it can be easily distinguished just by reading its articles. In this study, our
goal is to explore the reporting styles of Taiwan’s four major newspapers (Apple Daily,
Liberty Times, United Daily News and China Times) and to compare their differences.
We chose the headline news for analysis to prevent the influence of nuisance factors,
such as differences in political positions and target audience. The newspaper headlines
considered are between 2012 and 2018. The titles of headlines are considered for all
four newspapers but the content of headlines is available only for Apple Daily and
Liberty Times.

We first applied the methods of Exploratory Data Analysis (EDA), such as Jaccard
index and Yue index, for the word frequencies and word types to evaluate the
similarities between four newspapers. In addition, we also compare the length of
sentences, punctuation, and function words of four newspapers. Finally, we used
statistical and machine learning methods to distinguish if the news articles are from
Apple Daily or Liberty Times. The analysis results showed that there are significant
differences between four newspapers. For the headline titles, the Jaccard index grouped
titles by time and the Yue index grouped titles by the media (i.e., 3 groups). For the
headline contents, we found that the articles of Liberty Times emphasize political terms
and those of Apple Daily focus on social affairs and crime problems. As for article
classification, we applied the k-fold cross-validation and randomly assigned 6/7 articles
as training set, leaving 1/7 articles as testing set. All classification methods have high

accuracy if we chose frequently used 2-word phrases as the independent variables.

Keywords: Writing Style, Taiwan’s Newspaper, Exploratory Data Analysis, Similarity

Index, Keywords
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